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Abstract: For nonlinear distributed wireless sensor networks, a distributed cubature information consensus filtering
algorithm based on information matrix trace (TDCIF) is proposed in this paper. In this paper, the convergence of the
classical distributed cubature information consensus filtering algorithm (DCIF) is analyzed. It is proved that the proposed
TDCIF algorithm gradually converges to suboptimal scalar linear minimum variance fusion estimation with the increase of
iterations. Although the TDCIF has lower accuracy than the DCIF, it transmits less data during the iteration process, which
greatly reduces the communication burden and significantly improves the real-time and robustness of the system. Finally, a

simulation example is given to verify the effectiveness of the proposed algorithm.
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